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TECHNICAL SKILLS

Machine Learning

Deep Learning
Python, Tensorflow, JAX, Flax
Statistical & Bayesian Inference
NumPyro, PYMC
Generative AI
Gemini, OpenAI APIs
Database SQL

Cloud Computing

Google Cloud Platform
BigQuery Vertex AI
Cloud-Native Backend
FastAPI Firestore CloudRun

MLOps Infrastructure

Docker
Kubernetes, Kubeflow
Git GitHub CI/CD

Scientific Computing

Unix Fortran LATEX
REFERENCES

• Christopher Curroccurro@estee.comPrincipal Data ScientistThe Estée Lauder Companies
• Eric Higginsehiggins@estee.comData Science ExecutiveThe Estée Lauder Companies
• Prof. Justin. B. Kinneyjkinney@cshl.eduCold Spring Harbor Laboratory
• Prof. Yannis Kevrekidisyannisk@jhu.eduJohns Hopkins University
• Dr. Christos E. Frouzakiscfrouzakis@.ethz.chSenior ScientistETH Zürich

ABOUT ME

As a seasoned machine learning scientist with over 10 years of experience, I specialize in develop-ing and deploying production-scale ML systems that bridge theoretical innovation with practicalbusiness value. My expertise spans the full ML lifecycle, from research to production deploymentand monitoring. I have a proven track record of leveraging advanced techniques in deep learning,Bayesian modeling, and physics-informed ML to solve complex technical challenges at scale.
Key Technical Leadership & Impact:
• Architected and led the implementation of enterprise-scale ML systems using state-of-the-art frameworks (TensorFlow,JAX) and cloud infrastructure (GCP, VertexAI), with expertise in scalable MLOps practices including KubeFlow orchestra-tion.
• Deep expertise in probabilistic modeling and Bayesian inference using PyMC and NumPyro.
• Distinguished research background with 20+ publications in prestigious journals across machine learning, computationalbiology, and physical sciences, demonstrating ability to innovate in complex technical domains.
• Extensive experience in building and deploying containerized ML applications using Docker and Cloud Run, with strongfocus on reproducibility and production reliability.
EXPERIENCE

l Staff Machine Learning Engineer | The Estée Lauder Companies
z Nov 2022 – present * New York City, NY, USA
• Deployed Kubeflow pipelines for customer lifetime value (CLV) prediction and causal inference modeling (ATE esti-mation) using JAX/NumPyro Bayesian frameworks. Optimized promotion strategies, reducing excessive discount-ing and generating measurable cost savings (deployed Feb 2024).
• Contributed to the development of an agentic AI chatbot for enterprise use, integrating retrieval-augmented gener-ation (RAG) and Graph RAG on a GCP stack (Firestore, Cloud Run). Designed with granular access controls, produc-tion monitoring via Cloud Logging, and modern web frameworks (FastAPI, HTMX).
• Mentored four interns on interpretable ML projects, leading to a 100% conversion rate to full-time roles, with twonow reporting directly to me.
• Contributed to CI/CD automation for development and deployment, leveraging GitHub Actions to streamlineworkflows and ensure robust integration/testing processes.

l Computational Postdoc | Cold Spring Harbor Laboratory
z Jan 2020 – Nov 2022 * Cold Spring Harbor, NY, USA
• Developed TensorFlow-based software to analyze Massively Parallel Reporter Assay (MPRA) data: Ref. [6]
• Implemented Bayesian inference models for drug interaction analysis using CPU/GPU computing: Ref. [1]
• Developed computational frameworks for processing and analyzing raw biological datasets: Ref. [5]

l Research Fellow in Applied Mathematics | Princeton University
z March 2017 – Jan 2020 * Princeton, NJ, USA
• Led physics-informed machine learning research in collaboration with Johns Hopkins and Brown Universities underDARPA AIE grant: Refs. [2, 4]
• Developed manifold learning algorithms to analyze time-dependent datasets and extract governing equations:Refs. [3, 10, 11, 12, 14]
• Mentored graduate students in developing manifold learning and machine learning software.
EDUCATION

�Doctor of Sciences | ETH Zürich
z 2012 – 2015 * Zürich, Switzerland
• Developed algorithms for computational fluid dynamics simulations of reactive flows: Refs. [15, 18, 19]
• Implemented nonlinear dynamics and bifurcation analysis tools for high-dimensional ODE systems: Ref. [16]
• Secured fully funded Early Postdoc Mobility grant from Swiss National Science Foundation (SNSF) for research atPrinceton University.
�Master of Science Mech. Eng | Amirkabir University of Technology
z 2008 – 2011 * Tehran, Iran
• Developed a time-accurate algorithm for low-Mach number variable-density flows on curvilinear grids: Ref. [20]
�Bachelor of Science Aero. Eng | Amirkabir University of Technology
z 2008 – 2010 * Tehran, Iran
�Bachelor of Science Mech. Eng | Amirkabir University of Technology
z 2004 – 2008 * Tehran, Iran
• Ranked 471st among 500,000 students in Iran’s national university entrance examination.
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